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Surveillance Scene Person Retrieval based on Image Captioning

Li Ya-dong®, Liu Yong-chao!, Geng Qi-chuan!, Zhou Zhong®, Wu Wei*
(* State Key Laboratory of Virtual Reality Technology and Systems, Beihang University, Beijing 100191, China)

Abstract: Retrieving specific person in the surveillance scene is an important and urgent demand on the security field. In
recent years, the method of image retrieval is mainly based on image content, but this method can’t meet the actual needs
of surveillance and security because that requires the image to be retrieved as input. In this paper, we propose a method of
person retrieval based on image captioning and present a new surveillance dataset SPCD which contains person caption
labels. We verify this method in new dataset, the accuracy of gender, dress color and action respectively reaches 86.5%,

93.5% and 65.5%. This paper provides an effective way for retrieving person in the surveillance scene.
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